Radiomics: Images are more than
just pictures

DIPIKA JAYACHANDER
PSM BMHI






INTRODUCTION

* I[mages have always been used for visual
Interpretation.

* Radiomics is defined as the conversion of
images to higher dimensional data and the
subsequent mining of these data for improved

decision support.

* Radiomics can be performed with
tomographic images from CT, MR imaging, and
PET studies.
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IMAGE ACQUISITION




IMAGE ACQUISITION

* NCI

* QIBA — profile

 American College of Radiology, RSNA, the
Society of Nuclear Medicine and Molecular
Imaging, the International Society of Magnetic

Resonance in Medicine, and the World
Molecular Imaging Society



VOI IDENTIFICATION







SEGMENTATION




FEATURE EXTRACTION

Size Histogram (skewness, kurtosis)
Shape Haralick Textures
Location Laws Textures
Vascularity Wavelets
Spiculation Laplacian transforms
Necrosis Minkowski functionals

Attachments or lepidics Fractal dimensions



BUILDING DATABASES
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CLASSIFIER MODELLING AND DATA
SHARING
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RESULTS

Enabling Diagnosis

Tumor Prognosis

Treatment Selection

Deciding where to biopsy or resect
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Source Image CT Energy overlaid on Source Image

Homogeneity







CHALLENGES

* Data sharing
* Developing standards



CONCLUSION

Radiomic analysis can be used to identify
correlations, not causes.

Another step towards Precision Medicine



SIMILAR TOPICS THIS SEMESTER

RISE registry
Antimicrobial resistance surveillance
Using RWD and RWE in decision making

Computational approaches to patient
stratification
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